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ABSTRACT
Computational methods have been used extensively to solve problems in
the education sector. This paper aims to explore the computational
method's recent implementation in solving global Vocational education and
training (VET) problems. The study used a systematic literature review to
answer specific research questions by identifying, assessing, and interpreting
all available research shreds of evidence. The result shows that researchers
use the computational method to predict various cases in VET. The most
popular methods are ANN and Naïve Bayes. It has significant potential to
develop because VET has a very complex problem of (a) curriculum, (b)
apprenticeship, (c) matching labor market, and (d) attracting enrollment.
In the future, academics may have broad overviews of the use of the
computational method in VET. A computer scientist may use this study to
find more efficient and intelligent solutions for VET issues.
This is an open access article under the CC–BY-SA license.

1. Introduction
Vocational education and training (VET) are aspects of the general educational process, including
research on technology and related sciences and practical skills, attitudes, understanding, and knowledge
acquisition [1]. In other words, VET is an education that aims to prepare high-skilled prospective
workers as a provision to develop a career in life. Therefore, the VET curriculum must always be adjusted
to the development needs of the industry. It must be able to adapt to rapid and even destructive industrial
development. In this 4.0 era, technological progress development encourages vocational education and
training to meet industrial capabilities' needs. However, its graduates also can adapt to the changes that
have occurred [2]. VET must cultivate students' attitudes, knowledge, skills, and values to make them
productive people. The success of VET depends on students' academic performance in school and the
workplace.
The various Organisation for Economic Co-operation and Development (OECD) countries, which
have succeeded in revitalizing VET, show that VET's main characteristic is the industry and the
government's strong support. Also, the systems in OECD countries show evidence that (1) strong
industry support to provide students with experience in apprenticeship, (2) the government must
facilitate and ensure that the industry plays an active role in the VET implementation, (3) intense
research between industry and VET institutions [3]. Therefore, concrete cooperation between schools
and industry is needed to achieve quality graduates [4][5]. The government has also followed up on
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industrial cooperation's importance through various policies such as revitalizing vocational education,
industrial apprenticeship teachers, revitalizing student competence through internships.
However, there are several problems related to the VET environment. For example, in South Asia,
the problem is a lack of adequate practical training as a part of VET and the insufficient connection
between higher and lower VET institutions [6][7]. Although this was a problem in East Asia's early
development, this weakness has been resolved, even in Vietnam. For example, in Vietnam, the main
difference between secondary professional schools and vocational secondary schools is that the
proportions of theory and practice in each school are different. Technical secondary school courses are
about 40% of practical courses and 60% of theoretical courses. Simultaneously, secondary vocational
schools' courses account for about 70% of practical courses and 30% of theoretical courses [8]. Besides,
technical secondary school graduates are eligible to enter universities. However, as in South Asia,
graduates of secondary vocational schools cannot enter technical colleges, and graduates of vocational
colleges cannot enter universities. Fortunately, Vietnam has recently corrected this situation. In these
two types of institutions, the ratio of theory to practice has become more standardized, and graduates of
vocational colleges can now enter universities [8].
These problems can be solved computationally. The computational method has proven successful in
solving educational problems. For example, in higher education, this method is used to predict student
graduation [9], for student admission selection [10] and predict student failure and dropout [11].
Secondary school is used to solve students' academic predictions [12], predict student performance [13],
and predict students' final grades [14]. Meanwhile, the primary school is used for comprehensive
classification between teachers and students [15], predicting student performance [16], and for assessing
students about the quality of teaching [17]. Of the many studies, the VET field has not been discussed
much, so that it is still possible to develop.
VET is a special education that is important to be developed, especially in developing countries.
However, VET has several problems in its implementation, including curriculum and technical
implementation, to educational products. So far, many studies have focused on finding solutions to
problems in VET, including the use of a computational method to offer a solution to the VET problem.
For example, a genetic algorithm (GA) [18] is used for VET students' career guidance. Also, an artificial
neural network is used for prediction and classification [19]–[22]. Therefore, this paper focuses on the
implementation of computational methods in solving VET problems. The next section will describe the
method and design of this study.

2. Method
Systematic literature review (SLR) aims to answer precise research questions through the process of
identifying, assessing, and interpreting all available research shreds of evidence [23] [24]. A clearly
defined protocol or strategy should be followed for a systematic review of the requirements before the
review is performed. It is a systematic, transparent search that other researchers can repeat and reproduce
over numerous databases and grey literature. It involves preparing a well-thought-out search method
that has a particular emphasis or answers a given question. Under known timeframes, the analysis defines
the type of information searched, criticized, and published. Search words, search methods (including the
names of the sites, platforms, search dates), and restrictions must all be included in the analysis. Fig. 1
shows the steps of SLR [8].

Fig. 1. Scientific literature review (SLR) process
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2.1. Formulating research question
Before beginning any study, the formulating research question is an essential element. It attempts to
examine current ambiguity in a field of concern and points to the need for an intentional investigation.
The formulation of the research question has the purpose of keeping the review on track. The question
must be in PICOC criteria: population, intervention, comparison, outcomes, and context [18]. Table 1
shows the structure of the research question based on PICOC. Table 2 shows the research question and
motivation derived from Table 1.
Table 1. PICOC Structure of Research Questions design based on PICOC
Population

Intervention

Comparison

Outcomes

Context

A vocational, vocational
school, vocational high
school, Vocational
teacher, vocational
student, vocational
education

Vocational prediction,
association, clustering,
classification, DSS, models,
methods, techniques,
datasets, Frameworks

Comparison
between
methods

Accuracy of
computational
methods in the
vocational education
environment.

Studies in
computational
approach in
vocational education

Table 2. Research Questions On Literature Review
Id

Research Questions

Motivation

RQ1

What types of research topics do
researchers in the field of vocational
education?
What types of data sets are most used for
computation in the field of vocational
education?
What types of methods are used for
computation in the field of vocational
education?
What types of methods are most often
used for computation in the field of
vocational education?
Which method performs best when used
computation in the field of vocational
education?
What types of improvement methods are
proposed for s computation in the field
of vocational education?

Identify research topics and trends in
vocational education

RQ2

RQ3

RQ4

RQ5

RQ6

Identify data sets commonly used in
computation in the field of vocational
education
Identify opportunities and trends for
computation in the field of vocational
education?
Identify the most frequently used methods
for computation in the field of vocational
education
Identify the best computation method in
the field of vocational education
Identification of improvements to the
proposed method for computation in the
field of vocational education

2.2. Selecting and evaluating relevant studies
The second process chooses and assesses appropriate research based on parameters of inclusion and
exclusion. Selecting a source to use in an assignment requires careful evaluation. It is crucial to select
the information that comes from a reputable source. Table 3 lists the parameters that we research from
journal articles. However, this analysis does not involve literature review records.
Table 3. Inclusion and Exclusion Criteria
Inclusion Criteria
Studies in the use of the computational method
in vocational education use large and small scale
data sets.
Studies that discuss and compare modeling
performance in the area of the computational
method in vocational engineering.
Conference or journal papers from 2010-2020.

Exclusion Criteria
Studies without experimental results.
Computational studies outside the vocational
education
Non-English written studies
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2.3. Locating studies
One of the most effective ways to locate high-quality literature review resources is to use the library's
subject-specific database. Begin to search the library databases for current articles and other materials
related to the research. A library database such as an e-journal is a searchable electronic index of
periodicals and other materials. E-journal makes it easy to find scholarly articles or to find articles
written within a specific period.
As in Fig. 2, the third stage consists of searching for papers in many digital databases. The search is
based on Table 1 keywords. Synonyms, alternate orthography, and antonyms for search words are also
listed. For refined search results, we have used boolean (AND and OR).

Fig. 2. Searched databases

2.4. Analyzing the findings
It is a process of managing some of the data. After collecting document evidence or collecting material
from books, and so on, the next step is to develop an analysis for the process to become information. In
this study, we compare published studies to find out the results of analyzing the findings.
2.5. Reporting the result
The last steps are the interpretation of the findings. After collecting and analyzing data, it is time to
develop recommendations and share the evaluation's findings. The study aims to address questions from
the report. In order to provide clear guidance to potential outcomes, a structural report should be made.

3. Results and Discussion
This section will describe global issues on VET and the assistance of computational methods to
overcome it. There are many computational methods used in VET, such as genetic algorithm, Bayesian
network, artificial neural network, and so on. Also, from many issues that we found, we classify it into
four categories which are (a) curriculum, (b) apprenticeship, (c) matching labor market, (d) and
attracting enrollment.
3.1. Computational methods in VET
We found 31 of 128 articles related to the application of the computational method in vocational
education. Table 4 shows 13 approaches and their application. Some approaches, such as ANN, C.45,
Naïve Bayes, and Bayesian Network, have several roles. The existing computational methods can be used
in various fields such as expert systems, prediction, decision support systems, clustering, and
classification.
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Table 4. Computational methods in VET
Roles
Method

Expert
System

Genethic Algorithm [18]
Bayesian Network [25]
Artificial Neural Network
[19][26][27][20][28][21][22]




Decision Tree C4.5 [29][30]
K-Nearest Neighbor [31]
Linier Regression
[32][33][34][35][36]
Linier Support Vector
Machine [37]
Promothee Method [38]
Fuzzy Logic [39]
Naïve Bayes
[40][41][42][43][44][45][46]
Ripper [47]
Grey Model [48]
K-Means Clustering
[49][50]

Prediction

Decision
Support
System

Clustering

Classification

Number of
Paper
1
1





7






2
1



5







1





1
1





7



1
1




2

The distribution of Vocational education and training that have used computational methods in the
world's learning process has spread in various countries. As shown in Fig. 3, it can be seen that the
country that uses the most computational methods in Indonesia, which has 16 research papers, followed
by Turkey (6). Meanwhile, for other countries such as Malaysia, Austria, and France, the rest still have
1 published paper regarding the use of VET computation methods.

Fig. 3. Paper demography
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3.1.1. Genetic algorithm
A genetic algorithm (GA) is a metaheuristic that belongs to the broader class of evolutionary
algorithms (EA), inspired by the mechanism of natural selection. In VET, GA is used for students'
career guidance [18]. Education and career advice are the issues discussed in this article, in which various
professional knowledge comes from four aspects: teaching experts, psychologists, sociology experts, and
economic experts. In addition to the four experts listed, the other two experts also added a coaching
expert and system supervisor
To optimize the combination of an acquired profile and a career profile, GA is used. This pairing is
based on many Ci parameters related to weights (coefficients). We tend to simplify for these different
parameters: the weights mentioned below are 0 not important, 1 is important, and 2 is very important.
Second, according to various parameters Ci, we must continue to classify transactions. Therefore, the
use of genetic algorithms to optimize multi-criteria problems requires evaluating the results of individual
multi-criteria analysis. In the future, GA can be used to arrange the topic of VET.
3.1.2. Bayesian network
Bayesian network (also known as Bayesian network, belief network, or decision network) is a
probabilistic graphical model that expresses a set of variables and their conditional correlations through
a directed acyclic graph (DAG). In VET, Bayesian network is used for the design of expert system for
education career guidance [25]. As far as the research design is concerned, Bayesian networks are used
to determine the most "probable" path. In fact, like other places in Morocco, many ways may be different,
such as length, cost, and quality, such as becoming a computer engineer. The network they are analyzing
is an example of various ways to become a computer engineer in Morocco.
In future work, Bayesian networks will be able to focus on use in order to compare results and select
the best results, and at the same time, use the results obtained to implement instructive social networks
to achieve connection and coordination between different actors: students and their parents, job seekers,
teachers, consultants, pro-leaders.
3.1.3. Artificial neural network
An ANN is based on artificial neurons called linked units or nodes that loosely model the neurons
in the biological brain. In VET, ANN is used for prediction and classification. The example of ANN
prediction is used for is various, such as academic achievements [19][22], programming talent [26],
selection of majors [27], scores prediction [20], and LMS acceptance [28]. On classification ANN used
for vocational competence selection [21].
In a study on academic achievement, it is assumed that the attribute that affects academic
achievement is regarded as the independent variable/input, and the dependent variable/output is regarded
as the average academic achievement year of students in the previous physics, chemistry and biology
courses. A model was developed using these parameters, and the academic achievement of students with
artificial neural networks is expected. At the end of the study, a useful learning performance prediction
framework was established, with an average sensitivity of 98.0% for 922 samples from Turkey and 95.7%
for 1050 samples from Malaysia, and measures to avoid student failure were determined.
In future work, different ANN studies on VET issues may be conducted. According to different
cultural and demographic backgrounds, the participants' survey questions can be further diversified and
personalized. One example is that the recommendation framework for artificial neural networks will help
students choose future jobs to attract more student samples and focus on older age than vocational
education and training, such as middle school students. The recommendation framework is an effective
government-sponsored service, hoping to generate encouraged demand for graduates, and it needs to be
more integrated into the VET.
3.1.4. Decision tree C4.5
A decision tree is the most used classifier for predictive modeling. In VET, C4.5 is used for
classification and prediction. In classification, the implementation is used for the analysis of scholarship
awardees [29]. The provision of scholarship recipients who were not on track, exacerbated by the uneven
Dardiri et al. (An integrative review of computational methods for vocational curriculum, apprenticeship, …)
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distribution of information and inappropriate decision-making, was one of the barriers to its
implementation. It is vital to examine the data on past recipients of the scholarship to solve this problem.
The implementation of the algorithm is achieved by the entropy of measurement and knowledge
acquisition value. Later, to construct the decision tree nodes, the entropy data gain values obtained are
used. Entropy (total) is obtained by counting 1011 cases where 682 points are "accepted" and 329 are
"rejected" by classification. Then, each attribute value's entropy value is determined. The test findings
using the Uncertainty matrix and the validation results using cross-validation indicate an accuracy rate
of 78.54% with 79.18% accuracy and a recall rate of 92.67%.
In predicting VET students' career suitability [30], some graduates are suitable for vocational school
majors, but many graduates are not suitable for their majors. The test is conducted in all student data
training, and the confusion matrix is composed of a data set processed using algorithm C4.5, including
accuracy, accuracy, and recall. In Algorithm C4.5, each attribute's consistency did not show a tendency
to a value between 0 and 1, and an accuracy value of 89.14% was obtained. It is expected that the use of
C4.5 will help predict the number of graduates of VET students so that they can play a role according
to the school's vision and purpose and accurately according to the field occupied by the school.
3.1.5. K-nearest neighbor
K-Nearest Neighbor (KNN) is one of the Lazy learning techniques. The k-nearest neighbor
algorithm is a classification algorithm based on the proximity of data to other data. In VET, KNN is
used for the prediction of student behavior [31]. Some of the data that will be processed include
attendance, issue lateness notices, instructor responses, tuition payment, and broken houses. Data from
100 vocational students from different classes and different majors and divided into two groups was the
sample being studied. It can be shown from this experiment that the value of K = 1, 3 and 4 is the most
reliable K value. The accuracy of the produced test data is 94.9%. The accuracy rate is higher at a smaller
K value, and the accuracy is decreased at a larger k value.
There was an issue with that experiment when the data was taken from student data, requiring
further test data and its degree of accuracy. The test function is also an aid to its degree of precision.
The more features, the better it will be, but the amount of data checked must also be high; otherwise,
overfitting will occur. So students need to be big enough to test the test data for schools with several
features consistently. In the future, by using the same amount of attributes to generate accurate
information, K-Means can be used to predict the habit habits of junior high school students from
different regions of the world, such as Asia, Europe, Australia, America, and Africa.
3.1.6. Linear regression
Linear regression is a linear approach to modeling the relationship between a dependent variable and
one or more independent variables. In VET, linear regression is used for prediction, classification, and
decision support systems. In prediction use for student's psychomotor domain [33][36] and potential
dropout students [32], in classification roles use for developing vocational research [35] and in decision
support system used for potential dropouts [34].
Depending on the magnitude, frequency, and type of factors involved, absenteeism reduction
programs may be structured at different levels [36]. Their research is in line with these guidelines
because, on the one hand, it shows that in order to adapt preventive programs better, it is essential to
investigate various forms of absenteeism in vocational secondary school and, on the other hand, beyond
the influence of personal variables, the organization of the educational system seems to be a significant
predictor in explaining different degrees.
Implications for practice are recommended to take into account the characteristics of the varying
degrees of absenteeism and the specificity of the school's background to motivate VET students to attend
school. In order to determine the professionalism of vocational teachers in teaching, linear regression
for further study in VHS can be used to determine the professionalism of vocational teachers in teaching,
a factor that influences the motivation of vocational students to pursue their studies in higher education,
and the efficacy of vocational learning in VET according to their respective fields of talent.
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3.1.7. Linear support vector machine
Linear Support Vector Machine (LSVM) has become popular in solving prediction tasks because it
can be quickly and easily applied to large-scale data sets online. In VET, LSVM is used for real-time
prediction of national identity [35]. This section presents the results of predicting the ethnic identity of
European academic school students. Dataset1 has 49,263 instances with 130 features and uses 10-fold
cross-validation to train them to predict students' ethnic identity. Of the 145 features obtained by SVM
through its result analysis, the country's largest accurate number is estimated to be 33,737. Sadly, it
failed to estimate a huge number of immigration. Future work LSVM will use all VET worldwide to
build a real-time website to define, track, and regulate the different ICT parameters that could be useful.
3.1.8. Promothee method
The Promothee method is a multi-standard decision support framework that allows overlap between
various alternatives. In VET, the promotee method is used in the decision-making system of school
elections [38]. This research aims to provide knowledge and alternative methods in rankings to solve
the VET selection problem so that parents and the community can choose the best school for their
children's comments. Promethee (Promethee) is a method used to make recommendations for choosing
a location for vocational high school education. Location, equipment, number of achievements, school
atmosphere, and extracurricular activities are the parameters for choosing the location of high school
vocational education.
Promethee has specific decision-making applications and is used worldwide in a wide variety of
decision contexts in areas such as manufacturing, government departments, transport, healthcare, and
education include VET. Prmothee should process the ranking of VET school status in Southeast Asia
for potential study since countries in Southeast Asia have joined the MEA (Masyarakat Ekonomi Asia)
that can open up opportunities for VET students to exchange students and intern abroad for industrial
internships.
3.1.9. Fuzzy logic
It clarifies that fuzzy logic, as one of the software components, has been widely used in various life
fields. In VET, fuzzy logic is used in the main selection decision support system [39]. The decisionmaking process of selecting students with a VET major is one of the functions of the Educational
Decision Support System (DSS), which can help decision-makers provide options that can be used to
assist teachers in making decisions. The three variables of IPA, B.ING, and TIK scores can be used to
evaluate the department. In VET DSS, the fuzzy logic model uses the degree of membership of the value
and then uses the determined rules to determine the desired result's operation.
One of the most critical uses is to support people in the decision-making process. When more and
more situations involve decisions that can only be answered with "yes" or "no", it is essential to apply
fuzzy logic to decision support. This method is the product of uncertainty about future industry honors,
scholarships, and internships chosen by vocational education and training.
3.1.10. Naïve bayes
The main characteristic of the method is a firm assumption of each condition or event's
independence. It is assumed that each attribute is mutually independent of each other based on the class
attribute. Naïve Bayes in VET used for many implementations, such as prediction, classification, and
decision support systems. In classification use for department recommendations [42][41] and for
internship placement recommendation [44] also used for developing thinking skills on decision support
system [46].
The implementation of this method is used for student eligibility [43] and to predict student learning
achievement [45][40]. In Indonesia, VET graduates need to have enough incentive to get into the
working world either as staff or as entrepreneurs. In vocational education, monitoring the motivation
and achievement of students is significant. It will help clarify the students' situations and provide a
summary of the best curriculum for the students. One of the types of education in Indonesia is vocational
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training. To get into the working world, VET graduates need to have enough incentives, either as
workers or as entrepreneurs. Monitoring of students' motivation and achievement is critical in vocational
education. It will explain the students' circumstances and provide the students with a review of the right
curriculum.
Future research on VET use Naïve Bayes can be implemented in the apprenticeship issue, because
only slightly research that studied about that. In contrast, apprenticeship is one of VET's main
characteristics. A recommendation for further research is by conducting research on topics which is still
a few researched, such as attracting students' enrollment. The exploration of naïve bayes for the best
method by combining other approaches also can be an option for future research.
3.1.11. Ripper
A learning algorithm used in creating data classification laws is Repeated Incremental Pruning to
Produce Error Reduction (RIPPER). One of the most effective and used algorithms for rule learning is
RIPPER. To control induction, it applies a divide-and-conquer strategy. Ripper in VET is used for
classifying bad student behaviors [47]. The researchers aimed to classify and define the variables that
influenced the bad behaviors in this experiment and would also like to describe each group. The RIPPER
classification would have an accuracy value of 80.11% and reduce the number of attributes to 11.
The researcher may study the appropriate problem in school for future work of the ripper method
on VET, including other solving and other items to improve precision and accuracy in data classification,
such as solving VET students' bad behavior to get more students who have good behavior.
3.1.12. Grey model
Grey model's usage predicts the change of the system after examining the combination of precise
data and variable information. It means that Grey is used to forecasting the time-dependent gradation
process of changing in a specific area or range. In the VET, the grey model method is used to forecasting
strategies and analyze incoming students [48]. A strict policy in Taiwan has been transparently observed
in recent years that governments often appear to concentrate on vocational and technical education,
which is believed to produce meaningful and miraculous improvements in their economy. However, this
pattern faces many challenges: excellent courses and support services, long-term productivity in training
staff, are becoming obsolete; students are less interested in vocational schools; educational restructuring
and funding goals are also unclear.
Consequently, in terms of how these numbers will increase or decrease soon, the researcher wants
statistical data. As a result, when the downturns go to the "hot" majors, the pattern experiences a massive
rise in home economics at the same time. To be more precise a steady and minor decrease is noted.
Therefore, the gray model will give the Ministry of Education a holistic vision for each country to take
future realistic action on VET education policies and resource allocation.
3.1.13. K-Means clustering
K-means clustering originally started from signal processing. It is a form of vector quantization
designed to divide observations into k clusters, where each observation belongs to the one with the most
mean value (cluster center or cluster centroid) Cluster, as the prototype of the cluster. K-means
clustering in VET is used for student academic failure analysis [49] and school promotion strategy [50].
This results in the data space being partitioned into Voronoi cells. It's common in data mining for cluster
analysis.
For students' academic failure analysis and research, the collected data are divided into three
categories. Investigate each cluster to determine the factors that play a role in student failure and their
relationship. Make sure that the first batch of students cannot answer multiple questions on the same
day. The students pointed out in the second group that some topics are important to them. The students
encountered some problems in this cluster that they could not share with others. In general, the group
of students who have school problems is the students in the third group. Finally, the application survey
results are presented, which considers work aimed at reducing the causes of failure.
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For the school promotion strategy, the student groups are divided into five groups: the first group
comprises 22 students, the second group is composed of 10 students, the third group is composed of 10
students, and the fourth group is composed of 33 students. The fifth group is composed of 25 students.
This pattern of results aims to promote large-scale data mining to promote the strategic promotion of
new potential learners. It is hoped that in the future, the VET cluster will be used to combine skills in
the VET field with courses used to make the activities of a technology-based education system simpler
and faster.
3.2. Global issues on VET
The previous sub-section discusses the utilization of computational methods to solve global issues
on VET. From various issues, it can be classified into four categories which are (a) curriculum, (b)
apprenticeship, (c) matching labor market, and (d) attracting enrollment. Fig. 4 illustrates the global
issue on VET and the possible solution using the computational method.

Fig. 4. Global Issues on VET and its Solution using Computational Method

3.2.1. Curriculum
Usually, VET follows a standardized curriculum that incorporates general and occupational-specific
expertise. Compulsory schooling incorporates VET as an alternative to academically focused schooling
or a variety of post-compulsory education choices. Government, employers, social partners, educational
institutions, and all stakeholders need to be involved in curricula growth, with a specific assignment of
responsibilities to ensure curricula relevance. The weight of the respective voices can vary from country
to country. Inadequately sensitive programs to the industry's demand should be evaluated by involving
the industry.
Disruptive technology transition would affect the quantitative and qualitative demands of labor
markets worldwide [4]. The exponential speed of transformation on a global scale is a unique challenge.
The VET must then strive to evolve, adapt, turn, and create. Also, related problems such as inclusion,
equity, and greening still need to be discussed in VET programs' transformational frameworks. The
transformation of VET systems is a constant and endless process.
Based on the previous debate, a computational approach has several issues with the VET program
that could be overcome. About seven computational methods have been applied, such as artificial neural
network, decision tree c.45, K-Nearest Neighbour, Linear regression, fuzzy logic, naïve bayes, and ripper.
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For example, an artificial neural network and fuzzy logic can predict the majors that are suitable for
students [27], [51]. In linear regression, classification is used for developing vocational education research
[35]. In naïve bayes, it can be used to predict students' learning achievement [40], [45]. Both methods
may be used as an optional solution or merely as a guide for designing a better VET program.
3.2.2. Apprenticeships
Apprenticeship refers to a method in which a learner acquires business learning expertise and works
side-by-side with professionals in-classroom training. In certain countries (the United Kingdom, the
United States, and Australia), standardized apprenticeships offer VET, with institutional guidance
complementing workplace-based teaching.
In Austria, Denmark, Germany, and Switzerland, the dual VET is between 40% (Austria) and 80%
(Switzerland) of all school leavers. The following four main institutional components are shared by the
dual apprenticeship programs of these four nations. Firstly, a high degree of formalization. Offer
instruction in centrally approved vocational skills and continually change the training content to suit the
evolving needs of the job market. Second, good participation of the social partners. The representative
advisory boards' aid with the creation and maintenance of curricula at the government and federal levels.
Regional Trade or Occupational Commissions, or a mixture of them, shall conduct implementation and
supervision. Third, technical colleges have a school-based component of dual apprenticeships. Colleges
cover both general and vocational schooling. The government pays the burden of school tuition. Fourth,
companies shall conform with such technical requirements. A teaching company will not be awarded
accreditation if the requirements are not met.
Based on the findings, naïve bayes used for internship or apprenticeship placement recommendation
[44]. For further research, a prediction of required skills and the ability to enter the industry demands
could be designed. The system may aid the students in preparing those industrial requirements.
3.2.3. Matching labor market
The more flexible labor market, rapid changes in technology and work organization, and the need to
make more attractive and flexible VET are becoming significantly important [52]. VET can reduce
unemployment through pre-vocational specialization. However, more complex problems are mismatches
between graduates' skills and the labor market [53].
The computational method overcome matching labor market problems. For example, a genetic
algorithm and Bayesian network are used for students' career guidance [18]. A decision tree also can be
used to predict the students' careers [30]. It is useful for both students and the industry. The developed
system can guide students to select the most suitable workplace. On the other hand, the industry can
select the best worker candidate.
In the future, the association approach can be used in matching labor issues. Rules between graduates
and labor markets can be found using apriori techniques [54] and generalized rule induction [55].
3.2.4. Attracting enrollment
VET is less popular than general secondary schools. More than 70% of students enrolled in secondary
education, while in some counties, VET students are less than 1% of the students' population [53].
Attracting enrollment is necessary to gain as much as possible students in VET.
A grey model is used to forecast strategies and analyze the numbers of incoming students [48]. The
school uses the prediction to select the best option to perform students' enrollment. On the other hand,
a K-Means Clustering is used in the school promotion strategy [50]. It is expected to support strategic
promotion in gaining new prospective students. For further research, those clustering techniques could
be used to map the potentials students living area. The candidates may prioritize enrolling in the most
favorite VET school nearest to their locations by this mapping.
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4. Conclusion
VET has several problems, including curriculum, apprenticeship, matching the labor market, and
attracting enrollment. This paper uses a systematic review technique to discover computational methods
to solve those VET problems. Some computational approaches, such as Naïve Bayes, ANN, and, C4.5
are useful for prediction cases. Deep learning may have a significant role in solving VET problems in a
well-organized way. However, it is still not practical for solving the apprenticeship problem. Future
research may design a hybrid forecasting method to predict the skills needed to meet industry needs.
The system can help students prepare for those industrial requirements.
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